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1. Introduction 

 

It has been argued that financing decisions made by households can depend on the 

environment that they live in and the social networks that they make (Hong et al., 2004; Ivković 

and Weisbenner, 2007; Brown et al., 2008).  We look at one aspect of this sociology of financial 

decision-making by examining the effect of where an individual lives on their investment 

decisions.  In particular, we examine empirically how the race of the individual interacts with the 

racial mixture of the surrounding neighborhood in determining the asset allocation.  To do so, we 

use the 2007 EASI Master Database which aggregates data from the Consumer Expenditure 

Survey to the zip code level, and provides both demographic and financial information about the 

neighborhood.   

Previous research has found that African Americans households tend to be more 

conservative investors and hold smaller amounts of their financial wealth as risky assets such as 

stocks (Dow 2008, Choudury 2001/2002, Wang and Hanna 1997). We extend these results by 

showing how these racial effects depend on the racial composition of the neighborhood. In 

particular, we show that in predominately White neighborhoods there are significant differences 

in asset allocations across racial groups; however, in mixed or white minority neighborhoods, 

this difference disappears. In addition to looking at African American and Hispanics, we also 

find that Asians, a previously understudied group, show racial effects that are also neighborhood 

dependent, although this time the minority group shows a greater propensity to hold risky assets.   

Why should neighborhoods matter? Investing in risky assets, such as stocks, requires a 

greater level of knowledge about financial markets and investing than depositing money in 
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banks, which could serve as a barrier to participation.  Indeed, education has been found to be a 

significant factor in determining stock ownership, even when controlling for other factors (Dow 

2008, Souleles 2003, Bertaut and Starr-McCleur 2000).  However, formal education is not the 

only way to learn about investing opportunities.  Observing the investing habits of others can 

build familiarity and comfort with financial activities outside of an individual’s background.  

Individuals excluded from these social networks would not have these learning opportunities 

available to them.  

To test for neighborhood effects, we first run a baseline regression that looks at the asset 

allocation decision for households, across all zip codes, as a function of race/ethnicity and a 

number of other control variables suggested by the literature on individual financial decision-

making. The zip codes are then split into separate groups sorted by the percentage of the 

population in the zip code that is White.  We run separate asset-allocation regressions for each 

group of zip codes and the coefficients of the regressions are then compared across the groups to 

see if there are statistically significant differences.   

 Our finding, that there are differences across groups and that neighborhood composition 

has an effect on financial decision-making, has important practical implications.  With the shift 

from defined benefit pension programs to defined contribution programs (such as 401(k)’s), 

individuals have become increasingly responsible for their own investment decisions.  Because, 

over the long run, stocks offer higher average returns than bonds or bank accounts, households 

that are excessively conservative in their investing will find themselves with a smaller amount of 

savings on retirement. If non-financial factors, such as the social environment and the lack of 

awareness of investing opportunities, are leading individuals to these decisions, targeted 

campaigns to improve financial education may be a beneficial policy. 
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2. Literature Review 

 

Campbell (2006) provides a review of various issues in household financial decision-

making, including the question of how households allocate their wealth across different financial 

assets.   In theory, a household’s willingness to hold risky assets such as stocks and corporate 

bonds, in contrast to less risky assets such bank accounts and low-risk bonds, depends on a 

number of factors.  A greater tolerance for risk, either because of individual psychology or 

because of circumstances such as greater wealth, should lead an individual to hold more stock.  

In addition, factors that affect the level of comfort with relatively more sophisticated financial 

products such as stock could affect the household’s asset allocation.  Individuals who have a 

better education or more familiarity with investing due to their family or cultural background 

may be more willing to invest in stocks and bonds. There are a number of recent papers that have 

investigated the asset allocation question empirically.   

Souleles (2003) uses the CEX to look at the effect of consumption risk on investment 

behavior.  The dependent variable is the ratio of risky assets to consumption.  He uses 

consumption rather than financial wealth as he argues that consumption should be a good proxy 

for the effect of total wealth.  He finds that age has a hump-shaped effect on the share of risky 

assets, that education increases the holding of risky assets, and that consumption risk reduces the 

holding of risky assets and consumer confidence increases the holding of risky assets.  

Dow (2008), using data from the Survey of Consumer Finances, examines at the effect of 

age and investing horizon on the share of wealth held as stock.   Age may play an important role 

in asset allocation since many financial advisors recommend that individuals reduce the share of 
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stocks in their portfolio as they get older. He finds that age is more likely to proxy for financial 

sophistication than investing horizon.  He finds that greater wealth and a better education 

predicts an increase in stockholding.  He also finds that, compared with other households, Black 

households hold less stock. 

Bertaut and Starr-McCluer (2000), also using data from the Survey of Consumer 

Finances, investigate the factors that effect the share of financial wealth held as risky assets 

(stocks and corporate bonds, in contrast to bank accounts, money market securities and 

government bonds).  They find that greater wealth, more education and being married lead to a 

greater holding of risky assets, while greater income and being a minority lead to a relatively 

smaller holding of risky assets. Age shows the common hump-shaped pattern.  Wang and Hanna 

(1997), again using the Survey of Consumer Finances, find that holding of risky assets increases 

with age, wealth, income and education and is higher for married and white households. 

These results have been supported by a number of different studies using alternate 

databases.  Using data from the Health and Retirement Study, a panel study emphasizing older 

households, Rosen and Wu (2003), find that greater wealth, income, age and education lead to 

greater holding of risky assets while black and female leads to a lower share.  Kullmann and 

Siegel (2003), using data from the Panel Study on Income Dynamics, find that having a home or 

business makes it more likely that you hold stock, but that the value of the house or business is 

negatively related to both having stock and the amount of stock held if the household has stock.  

They also find that income, net worth and age all have a positive effect on stockholding. Cohn, 

Lewellen, Lease, and Sclarbaum (1975), using survey data from a brokerage firm, find that 

income and age is positively related to the share of wealth held as risky assets, while married 

households hold fewer risky assets.  Morin and Suarez (1983), using data from Canadian Survey 
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of Consumer Finances, find that greater wealth leads to a greater holding of risky assets, but does 

not come to a conclusion on age.  Siegel and Hoban (1991), using data from the National 

Longitudinal Surveys, look at the holdings of risky assets (which for them includes business and 

house wealth).  Wealth and homeownership is positively related to the share of risky assets while 

the effects of being married and a minority are negatively.  Riley and Chow (1992), using data 

from the Survey of Income and Program Participation, find that wealth, income and education 

are positively related to the amount of wealth held as risky assets while age has the hump-shaped 

effect. 

  The evidence from the regression studies showing that African-Americans are more 

conservative in their investment decisions is also supported by Choudhury (2001/2002), who 

examines ethnic/racial wealth differences using the first wave of the Health and Retirement 

Study.    She finds substantial wealth differences that do not seem to be justified simply by 

differences in income.  As a companion to this result, she also finds that African-American and 

Hispanic households tend to hold a smaller amount of their wealth as stocks and bonds at every 

education level. 

Closely related to the question of allocation of wealth between risky and riskless assets is 

the issue of which institutions individuals choose to deal with when investing.  Becker (2007) 

finds that older households (age 65 and above) hold a greater share of their assets in bank 

accounts.  Part of this is due to the fact that these have lower risk, but may also reflect a 

generation effect in terms of the familiarity with banks and stocks.  He also finds that young 

households (under 35) also tend to hold a relative large share of their assets as bank accounts, but 

this is likely because they tend to have little assets to begin with.   
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Overall, studies of financial decision making using household-level data suggest that 

White households and households with greater wealth and better education tend to hold 

portfolios with a greater share of risky assets.  The effects of age seem to be ambiguous, possibly 

showing a positive relationship early on and then a negative relationship later.   

Traditionally, studies of asset allocation have focused on households in isolation.  

However, in recent years, there has been an increased interest in the study of social interaction 

and stock market participation; that is, whether a household’s investment choice is somehow 

affected by one’s social interaction with neighbors, friends, colleagues, etc. 

Drawing on data from the Health and Retirement Study and of particular interest to Hong 

et al. (2004) was the survey’s question of whether households interact with their neighbors, or 

attend church.  Households who answered “Yes” were deemed “social” and were more likely to 

invest in the stock market, controlling for factors such as wealth, race, and education, than “non-

social” households.  This phenomenon is termed “word-of-mouth” effects. 

Another factor that could have influenced the relation between a household’s investment 

choices and those of her neighbors is the common local reaction to news (Feng and Seasholes, 

2004).  Ivković and Weisbenner (2007), using data from a large U.S. discount broker for the 

years 1991 to 1996, found that word-of-mouth effects among U.S. investors are strong, in 

contrast to the common local reaction to news by investors from the People’s Republic of China, 

who comprised the sample employed by Feng and Seasholes (2004). 

Brown et al. (2008), with the aid of the IRS’ annual cross-sectional samples of tax returns 

(1987 to 1996), examined the causal relation between an individual’s decision to own stock and 

the average stock market participation of the individual’s community, in the form of word-of-



8 
 

mouth communication.  They find that such a causal effect exists and is stronger in more 

sociable communities. 

A close cousin to the above line of research is one that examines a fund manager or a 

household’s local preference in the stock market; that is, an investor’s preference not only for 

home-country stocks but also stocks of companies that are headquartered or located nearby 

(Grinblatt and Keloharju, 2001; Ivković and Weisbenner, 2005; Hong et al., 2005). 

 

3. The Data 

 

This paper uses data from the 2007 EASI Master Database (EASI Demographics, 2008) 

which combines at the zip-code level data from the United States Census and its updates, the 

annual American Community Survey, the annual Consumer Expenditure Survey, and numerous 

smaller data collections provided by government agencies.  Our analysis relies primarily on the 

annual Consumer Expenditure Survey data.  The Consumer Expenditure Survey is conducted by 

the Bureau of Labor Statistics of the U.S. Department of Labor.  It is primarily focused on 

consumer spending patterns, but it also collects information on wealth and various household 

socioeconomic characteristics. EASI uses statistical demographic composition methods to 

estimate changes from year to year for each zip code and each variable where direct observations 

are not available and uses the reported information when it is available. This dataset is widely 

used in commercial market research, demographics, and urban planning applications as well as 

extensive academic GIS and related research. 

There are a number of zip codes that are predominantly commercial addresses and have 

either no residents, or so few residents to provide meaningful data, and so need to be excluded 
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from the sample.  To do this, we add the condition that a zip code must have more than 1,000 

people living there to be included in the study.  In addition, the average level of per capital 

financial wealth must be greater than $5,000 so that we can ask meaningful questions about asset 

allocation. 

Summary statistics for the data are presented on Table 1.  The dependent variable in the 

regressions is the ratio of risky assets (stocks and bonds) to total financial wealth (“Allocation”). 

We will add control variables for a number of factors that have been found to be significant in 

studies of asset allocation using individual level data.  “Wealth” is the average value of the 

financial wealth of the households in the zip code.  From the results of previous studies, we 

expect that greater wealth should lead to a greater holding of risky securities.  Cocco (2004) and 

others have found that owning a house may affect the asset allocation decision.  Given fixed 

mortgage expenditures, home ownership may lead to a lower tolerance for risk and so a smaller 

holding of securities.  To control for this, we add a variable, “House”, which is the average value 

of owned dwellings per household in the zip code.  Education dummies will be added for “Less-

Than-A-High-School”, “High School”, “Some College”, with the default being “College”.  

As seen in previous studies, age seems to have an ambiguous effect on asset holding, so it 

is not clear what effect should be expected when the data is aggregated at the zip level.  The data 

set provides median adult age by race, which we then weight by the share of households of each 

race.  This is done so that if the median age in a racial category increases by one year, and the 

percentage of households in that category are 25%, then it is as if the increase in age for the zip 

code is 0.25.   

Some studies (Campbell and Kaufman, 2006, Wang and Hanna 1997, Cohn 1975) have 

found that married individuals may behave differently from single individuals, perhaps due to the 
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diversification benefits of two incomes.  Alternatively, married households are more likely to 

have children, which increases expenditures.  We add a variable that is the share of total 

households that are single households to control for this.  

Income has tended to have an ambivalent effect on asset allocation.  Theory predicts that 

asset allocation should be driven by lifetime income and so temporary deviations in income that 

are unrelated to changes in lifetime income should not have an effect.  The data set provides zip-

code-level median incomes by race, which will be included in the regression.  This variable is 

also weighted by the population share of the group. 

Finally, we include variables for specific racial/ethnic groups (African-American, 

Hispanic, Asian), measured as a percentage of all households in the zip code area, with White 

non-Hispanic as the default.  These variables will be the focus of our study as we see if there are 

racial/ethnic-specific effects that are tied to neighborhoods. 

 

3.  The Effect of Race and Neighborhoods on Asset Allocation 

 

Our hypothesis is that asset allocation will be a function of the various socioeconomic 

variables suggested by the literature on individual financial decision making, including race or 

ethnicity, and in addition, that the racial effects will be dependent on the racial mix of the 

neighborhood. 

To test for this, we first estimate the model pooling all the zip codes in order to provide a 

baseline regression.  This will allow us to determine the effects of using a geographic data set 

while excluding the neighborhood effects.  Then, to evaluate the importance of neighborhood 

effects, we split the zip codes into five separate groups, ordered by the fraction of the population 
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that is non-Hispanic White.  We then run five separate regressions to determine the effect of 

changes in the fraction of the minority population within that zip code group and then test if the 

coefficients are different across the regressions. 

Table 2 provides the results from the baseline regression.  All coefficients are statistically 

significant (with p-values of < 1%).  Greater financial wealth leads to an increased holding of 

risky assets, as has been found previously in the literature.  Greater housing wealth leads to less 

risk-taking, possibility because of the need to be able to make the interest payments on the 

mortgage in the future (Yamashita, 2003; Cocco, 2004).  The effect of greater income on risk-

taking is negative.   

 The age coefficients are statistically significant, but the magnitude of the coefficients are 

small.  Education surprisingly has a negative effect on risk-taking.  The effect of race and 

ethnicity is similar to what has been found in the previous literature.  African-American and 

Hispanic household tend to invest less in risky assets.  Interestingly, Asian household tend to 

invest more in risky assets.  The behavior of Asian households has not been typically 

investigated in studies of individual asset allocation, likely due to the small sample size.  Using 

aggregate data across 22,539 zip codes allows us to include Asians as a separate category. 

For all the regressions, the R2s are quite high.  Typically, asset allocation regressions with 

individual data will have lower R2s (for example, Dow 2008).  Whether this was from 

idiosyncratic variability or missing variables was not clear.  The fact that we get such a high R2 

with aggregated data using only the basic variables suggests that much of the variability at the 

individual level is due to individual randomness that gets washed out when the data are 

aggregated. 
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 Table 3 reports the results for regressions run over zip codes sorted by racial density 

measured by the percentage of households that are non-Hispanic White.  Zip codes are sorted by 

into five categories: 0 to 10%, >10% to 30%, > 30% to 70%, >70% to 90% and >90% to 100%.  

The coefficients on the percentage of households that are African American for each of the five 

regressions (from the lowest non-Hispanic-White density to the highest) are:  0.006, 0.0013, 

0.0058, -0.0193, -0.029. The latter three coefficients are statistically significant at the 1% level, 

while the first two coefficients are not statistically significantly different from 0.  What this 

implies is that for neighborhoods with White population densities of less than 70%, there is no 

appreciable difference in the asset allocations between Whites and African Americans.  

However, as the White density increases, Whites start to hold a larger percentage of their wealth 

as risky assets when compared with African Americans in the same neighborhoods. 

 We see an even more striking pattern with Asians.  The coefficients across the 

regressions are: -0.0104, 0.0269, 0.0728, 0.1353, 0.2238, with all except the first coefficient 

statistically significantly different from 0.  As the share of White households in the zip code 

increases, the difference between Asian and White households increases.  The effect this time, 

however, is in the opposite direction, with Asian households holding a greater amount of their 

wealth in risky assets, and for the final group, dramatically so.   

In contrast to Asians and African-Americans, the final category, Hispanic households, 

does not show a pattern across zip code groups that would indicate either a difference in asset 

holdings or neighborhood effects. 

 Since our arguments are based on the differences in coefficients across the different 

regressions, we need to establish that these differences are statistically significant.  Table 4 

presents the results of tests of differences in coefficients.  Each equation is compared with the 
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equation for the following group; for example, the coefficients for the equation estimated from 

zip codes where the White population is less than 10% are compared with the coefficients when 

the White population is between 10% and 30%.  As can be seen, nearly all the differences are 

statistically significant.  Of particular interest is the comparison of coefficients on household 

race.  For both African Americans and Asians, the differences in coefficients are statistically 

significant at the 5% level with the exception of the final comparison for African American 

households.  However, both of those coefficients (which are for White majority neighborhoods) 

are negative and statistically significantly different from those for neighborhoods with mixed or 

White minority populations, supporting our hypothesis.  

 

4. Conclusion 

 

We find evidence that the neighborhood one lives in can affect the financial decisions 

households make.  In mixed, or minority White neighborhoods, there is little difference in the 

asset allocation strategies among racial/ethnic groups, but as the share of White households in 

the neighborhood increases, we see greater differentiation.   

How individuals manage their wealth is an important question, both for the individuals 

making the decisions and as a matter for public policy.  How much an individuals saves, and 

what return they get on their investments, is a significant factor in determining household wealth 

at retirement.  Their investment decisions will not only affect their standard of living then, but 

also what funds they will have available to pass on to the next generation.  This is magnified in 

the current economic situation, where individuals are increasingly becoming responsible for their 

own investment decisions. 
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 Given this, differences in attitudes towards financial decision-making across racial or 

ethnic groups may represent a concern.  The previous literature has shown that African 

Americans typically hold less stock and other risky assets controlling for income and wealth.  

We add to this by showing that the neighborhood one lives in also matters for financial decision-

making.  It is likely that in higher-income neighborhoods, interactions in the community provide 

individuals with better information about investing and investment opportunities, leading to a 

greater willingness to hold riskier and higher-returning assets.  However, African Americans 

seem to share less in this process or if they have the information, are less willing to use it.  The 

result is that they tend to hold safer assets but ones with lower average returns.  This will lead to 

lower levels of wealth on retirement.  Interestingly, the effect with Asians is reversed.  Again, 

there is little difference between Asians and others in mixed or non-White neighborhoods, but in 

White neighborhoods, Asians tend to hold assets with higher returns. 

 If individuals get some of their investing knowledge through informal connections in 

neighborhoods, it places those who live in neighborhoods where there is little investing done at a 

disadvantage. This suggests a need for outreach efforts to provide formal investment education to 

substitute for the informal sources of knowledge. 
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Table 1. Summary Statistics 
 
      
White non-Hispanic ratio [0, 1]     
      

 Mean S.D.  Mean S.D. 
      
Allocation 0.8509 0.0119    
      
Wealth      
    Housing 6.1705 1.1113    
    Financial assets 35.4382 7.4724    
      
Age (median) *    Age (median) -- Unweighted 
    White non-Hispanic 31.7502 10.3345  40.8020 5.5975 
    Black 2.7197 5.3094  29.3158 11.8522 
    Asian 0.6211 1.7896  31.7466 12.3019 
    Hispanic 1.6067 3.3730  21.2281 6.9749 
    Others 1.3895 2.1596  25.7524 6.4710 
      
Income (median) *    Income (median) -- Unweighted 
    White non-Hispanic 40151.3688 19523.60  63001.62 25319.555 
    Black 2814.31 5408.77  39966.94 27536.19 
    Asian 1035.00 3034.53  41882.70 30071.46 
    Hispanic 2323.34 4052.36  43239.72 21197.70 
    Others 1849.69 2549.00  37764.04 18048.48 
      
Education      
    High school + Some college 0.4683 0.0988    
    AA degree 0.0411 0.0154    
    College 0.0909 0.0570    
    Post-graduate 0.0501 0.0444    
      
Household      
    Non-family 0.2931 0.0940    
    Family 0.7069 0.0940    
    White non-Hispanic 0.7854 0.2437    
    Black 0.0831 0.1596    
    Asian 0.0173 0.0451    
    Hispanic 0.0592 0.1113    
    Others 0.0549 0.0871    
      
Sample size 22,539     
      
      
* Age and income are weighted by the proportion of race to total household. 
Note: Total population is >= 1,000 and Income per capital >= $5,000.  
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Table 2. Regression Across All Zip Codes 
 
      
Dependent variable Allocation   Allocation  
White non-Hispanic ratio [0, 1]   [0, 1]  
      

 Coefficient p-values  Coefficient p-values 
      
Constant 0.8407 0.0000  0.8353 0.0000 
      
Wealth      
    Housing -0.0163 0.0000  -0.0160 0.0000 
    Financial assets 0.0029 0.0000  0.0029 0.0000 
      
Age (median) *    Age (median) -- Unweighted 
    Black 0.0006 0.0000  7.90E-06 0.0000 
    Asian -0.0005 0.0000  -4.90E-06 0.0003 
    Hispanic 0.0009 0.0000  -1.59E-05 0.0021 
    Others 0.0009 0.0000  2.69E-05 0.0000 
      

Income (median) *    
Income (median) -- 
Unweighted 

    Black -1.31E-07 0.0000  -1.08E-08 0.0000 
    Asian -3.17E-07 0.0000  -7.38E-09 0.0000 
    Hispanic -2.36E-07 0.0000  -1.58E-08 0.0000 
    Others -2.38E-07 0.0000  -1.68E-08 0.0000 
      
Education      
    High school + Some college 0.0095 0.0000  0.0130 0.0000 
    AA degree 0.0125 0.0000  0.0178 0.0000 
    Post-graduate -0.0107 0.0000  -0.0039 0.0369 
      
Household      
    Non-family 0.0144 0.0000  0.0179 0.0000 
    Black -0.0141 0.0000  0.0009 0.0000 
    Asian 0.0460 0.0000  0.0035 0.0000 
    Hispanic -0.0175 0.0000  0.0036 0.0000 
    Others -0.0116 0.0000  0.0044 0.0000 
      
Adjusted R-squared 0.9451   0.9394  
Sample size 22,539   22,539  
      
      
* Age and income are weighted by the proportion of race to total household. 
Note: Total population is >= 1,000 and Income per capital >= $5,000.  
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Table 3. Regression For Sub-Samples 
 
               
Dependent variable Allocation   Allocation   Allocation   Allocation   Allocation  
White non-Hispanic ratio [0, 0.1]   (0.1, 0.3]   (0.3, 0.7]   (0.7, 0.9]   (0.9, 1]  
               
 Coefficient p-values  Coefficient p-values  Coefficient p-values  Coefficient p-values  Coefficient p-values 
               
Constant 0.8449 0.0000  0.8434 0.0000  0.8248 0.0000  0.8406 0.0000  0.8535 0.0000 
               
Wealth               
    Housing -0.0279 0.0000  -0.0254 0.0000  -0.0183 0.0000  -0.0157 0.0000  -0.0174 0.0000 
    Financial assets 0.0049 0.0000  0.0044 0.0000  0.0036 0.0000  0.0028 0.0000  0.0028 0.0000 
               
Age (median) *               
    Black -4.06E-04 0.0000  -9.22E-05 0.1236  6.71E-05 0.0654  7.34E-04 0.0000  5.00E-04 0.0260 
    Asian 9.35E-05 0.8185  -6.22E-04 0.0057  -1.02E-03 0.0000  -2.09E-03 0.0000  -1.61E-03 0.1505 
    Hispanic 1.34E-04 0.3259  5.21E-04 0.0001  1.57E-04 0.1684  5.81E-04 0.0023  -6.59E-04 0.1747 
    Others -7.92E-05 0.6075  3.06E-04 0.1533  4.84E-04 0.0055  1.38E-03 0.0000  1.40E-03 0.0000 
               
Income (median) *               
    Black 9.76E-08 0.0001  6.41E-08 0.0643  -1.32E-07 0.0000  -1.15E-07 0.0067  4.34E-07 0.0025 
    Asian -2.19E-08 0.8696  2.08E-08 0.8054  -5.22E-07 0.0000  -9.09E-07 0.0000  -2.42E-06 0.0000 
    Hispanic -8.33E-08 0.1877  -1.03E-07 0.0131  -3.53E-07 0.0000  6.20E-08 0.3284  -3.08E-07 0.1442 
    Others -9.15E-08 0.2694  -6.54E-08 0.2804  9.77E-08 0.3082  -3.60E-07 0.0000  3.43E-07 0.0009 
               
Education               
    High school + Some college 0.0091 0.2615  0.0081 0.0351  0.0141 0.0000  0.0082 0.0000  0.0062 0.0000 
    AA degree 0.0295 0.0363  0.0354 0.0022  -0.0076 0.0523  0.0080 0.0078  0.0254 0.0000 
    Post-graduate 0.0127 0.4624  -0.0252 0.0019  -0.0135 0.0003  -0.0088 0.0039  0.0023 0.3770 
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Household               
    Non-family 0.0141 0.0000  0.0121 0.0000  0.0180 0.0000  0.0113 0.0000  0.0020 0.0106 
    Black 0.0060 0.2733  0.0013 0.6387  0.0058 0.0001  -0.0193 0.0000  -0.0290 0.0056 
    Asian -0.0104 0.5729  0.0269 0.0395  0.0728 0.0000  0.1353 0.0000  0.2238 0.0000 
    Hispanic -0.0028 0.6623  -0.0114 0.0216  0.0179 0.0001  -0.0099 0.0903  0.0427 0.0008 
    Others 0.0006 0.9193  -0.0033 0.5738  -0.0056 0.3017  -0.0230 0.0000  -0.0619 0.0000 
               
Adjusted R-squared 0.9599   0.9624   0.9585   0.9576   0.9612  
Sample size 603   954   4,287   5,847   10,848  
               
               
* Age and income are weighted by the proportion of race to total household.          
Note: Total population is >= 1,000 and Income per capital >= $5,000.           



Table 4. Comparison of Regression Coefficients Across Sub-Samples 
 
        
Dependent variable Allocation  Allocation  Allocation  Allocation 
White non-Hispanic ratio [0, 0.1]  (0.1, 0.3]  (0.3, 0.7]  (0.7, 0.9] 
Compared with (0.1, 0.3]  (0.3, 0.7]  (0.7, 0.9]  (0.9, 1] 
 p-values  p-values  p-values  p-values 
        
Wealth 0.0014  0.0000  0.0000  0.0000 
    Housing 0.0003  0.0000  0.0000  0.0000 
    Financial assets 0.0001  0.0000  0.0000  0.2173 
        
Age (median) * 0.0000  0.0000  0.0000  0.0907 
    Black 0.0000  0.0000  0.0000  0.1492 
    Asian 0.0007  0.0129  0.0076  0.3346 
    Hispanic 0.0021  0.0007  0.0132  0.0054 
    Others 0.0360  0.1532  0.0000  0.4583 
        
Income (median) * 0.8297  0.0000  0.0000  0.0000 
    Black 0.1665  0.0000  0.3401  0.0001 
    Asian 0.3060  0.0000  0.0000  0.0000 
    Hispanic 0.3188  0.0002  0.0000  0.0398 
    Others 0.3331  0.0446  0.0000  0.0000 
        
Education 0.0000  0.0000  0.0000  0.0000 
    High school + Some college 0.3995  0.0000  0.0000  0.0064 
    AA degree 0.3048  0.0000  0.0000  0.0000 
    Post-graduate 0.0000  0.0008  0.0613  0.0000 
        
Household 0.0006  0.0000  0.0000  0.0000 
    Non-family 0.1361  0.0000  0.0000  0.0000 
    Black 0.0497  0.0015  0.0000  0.1773 
    Asian 0.0021  0.0000  0.0000  0.0054 
    Hispanic 0.0412  0.0000  0.0000  0.0000 
    Others 0.2517  0.3391  0.0009  0.0000 
        
* Age and income are weighted by the proportion of race to total household.   
Note: Total population is >= 1,000 and Income per capital >= 
$5,000.    

 
 
 


